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RiskSeq: #4ET4tE PKDE& ST-DFM
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RiskSeq: #4ET4tE PKDE& ST-DFM
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RiskSeq: #4ET4tE PKDE& ST-DFM
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RiskSeq: #4ET4tE PKDE& ST-DFM
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RiskSeq: ifzs7#1& DTGCN & CG-LSTM
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RiskSeq: ifzs7#1& DTGCN & CG-LSTM
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RiskSeq: ifzs7#1& DTGCN & CG-LSTM

Ad=S§Et%: DT-GCN

(1) SBZIRIBITLSE: XE 2 ARRBRIVFE—EHVBIMERNRERE, IXFRREX
&Y ERFRETENSPER BB AREIREIZEE -> HSERFIEER

Overall affinity matrix:

26 L1 201 )

BSREARLUE SRR Eiﬁ@lﬂziﬁj iyl

(2) RBIATIREIE: YT E—XE, 1‘E’V‘I3EITIEﬂlEﬂBnWé&LEﬁHﬂE%E’E&E@EPCN
SRBEHEH () > EUSE

65t — D(At) — D(At — 1)

B smncsimmes o) sis 202141 A28 2R



RiskSeq: ifzs7#1& DTGCN & CG-LSTM
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RiskSeq: ifzs7#1& DTGCN & CG-LSTM
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RiskSeq: ifzs7#1& DTGCN & CG-LSTM
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RiskSeq: SC5%
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RiskSeq: SC5%
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Models Acc@20/ Acc@6 MSE-F MSE-C
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STG2Seq 52.08/54.30 0.0138/0.0364  0.0693/0.1667
STSGCN 26.46/33.59 0.0183/0.0236  0.1285/0.3473
STDN 37.48/42.18 0.0203 /0.0354  0.0853/0.2142
DFN 40.26/36.98 0.0194 /0.0376  0.0548/0.2278
MTPSO 30.81/33.69 0.0218 /0.0420 0.0393/0.2065
RiskS eq 56.42/71.27 0.0158/0.0401 0.0443/0.2702

REEELLR- SRS

ARIM

—— QOurs
+— Hetero-ConvLSTM LST™M

A

—+— STG2Seq
STSGCN

—— STGCN
—— DFN

—— SIDN
+— MIPSO

0.55

© 0.50

E 0.45

=

= 0.40

(=]

= ‘

®035

Q

jg 0.30
0.25

0.20

i 2 3 4 5
Time steps

(a) Step-wise performance in NYC

d

0.8

Acc@6 in SIP
S o o o
+ o [=)) ~

=
w

i 2 3 4 5 6
Time steps

(b) Step-wise performance in SIP

B swencmimses o) s

2021£5F1H28HEHIM




RiskSeq: LG
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RS-DG 0.0118/0.0136 46.45/68.52 39.19/55.27
RS-RC 0.0208/0.0082 41.79/69.45 38.19/56.33
RS-CF 0.0123/0.0355 43.04/67.83 33.21/50.18
RS-CGLSTM | 0.0128/0.0060 48.45/67.19 -
Integrated RS | 0.0158/0.0040 56.42/71.27 47.18/65.26
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RiskSeq: SC5%
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RiskSeq: BE51718
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RiskSeq: BE51718
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RiskSeq: BE51718
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RiskSeq: BE51718
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Take away Message
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1. BIERMA: WA, Bid - Z0ETE

2. t=EY
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3. tfv3%: Adam, SGD, AdaGrad&s

B smncsimmes o) sis 202141 A28 2R



Take away Message
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Homepage: http:/home.ustc.edu.cn/~zzy0929/Home/
Github: https://github.com/zzyy0929/Codes-for-RiskSeq-TKDE

Email: zzy0929@mail.ustc.edu.cn
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